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OTT TV & video revenues by country
($ million)
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—
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10,000
s 2020 2026
[mOthers 2,221 2,906 5,951
mAustralia 2,041 2,416 3,723
=S Korea 2,154 2,765 4,929
= India 2,008 2,950 6,728
m.Japan 4,655 5,420 9,193
= China 15,471 16,389 23,848
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& : Digital TV Research
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3= 3 o 2 EDA(Exploratory Data Analysis)gtal &
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o ol TgolA Y melo] HHe FAT ©W, A Zolx ARs) Folok s sholu
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Nodejs= &34 3
AMPAAHEE 3
o,

Vuejse §1 AZAolAe] AEA AHHo| LS WEY] o] AHEaE OE Ax ZTzIYAE
AutaAYE ZY Aotk Vuejss 2459 A2 Holq ofZA|M(SPA)S TEahr
o] -7} sttt

MySQLE AAIIA 713 ol 2ol 02 29] gAY dlojgule] 2 she] Azglolth b 2=,
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Nodejs MME AAFIL MySQLS el lolEo]~2 A4 st 2 dol8 g g au.
SR dolHE 1A 3 uFd AL Al BEE 5 AuAE G,

pud

k22!
ZEEQE Vue.js
wloll = (A1) Node.js
delg #e]~(DB) | MySQL
IDE VisualStudio Code
o]z}l Figma

Node.js 2 A : https://nodejs.org/ko/download/

VisualStudio Code A #] : https://code.visualstudio.com/download

Vue A A : VisualStudio Code EJU|d npm install vue 9=

VueCLI A*| : VisualStudio Code H 7294 npm install @vue/cli-init -g ¢
2AF2E AW A8 0 AAFE VueCLl Z2AE gd& o]% 3 npm run serve P98 & =

localhost:8080% url ¥ ¥
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10521 : 3]4 dlojguo]l~ AA
Mariadb2 o]&3te 3971y RAEE wo} & member table AA

CREATE TABLE member (

id varchar(20) primary key,

name varchar(5) not null,

password varchar(20) not null,
passwordcheck varchar(20) not null,
birth datetime ,

gender varchar(1),
email varchar(20),

[ ] [ ] (MySQL 5.5.5-10.7.3-MariaDB) www/MEMBER/member
B 7
MEMBER < BB B B B4 o8
Select Database Structure Content Relations Triggers Table Info Query Table History Users Console
Field Type Length Unsign.. Zer.. Bin.. AllowN.. K.. Default Extra Encoding Collation Com...
member id VARCHAR ¢ 20 PRI None < ¢ e
name VARCHAR ¢ 5 None < < ¢
password VARCHAR ¢ 20 None < < 3
passwor... VARCHAR ¢ 20 None < fo; o3
birth DATETIME ¢ NULL None ¢
gender VARCHAR ¢ 1 NULL None < < ¢
email VARCHAR ¢ 20 NULL None < < ¢
phone VARCHAR ¢ 20 None < fo; o3
age INT | NULL None ¢
+ ¢ VAR A
INDEXES =
Non_unique Key_name Seg_in_index Column_name Collation Cardinality Sub_part Packed Comment
O created: 2022/05/10 0 PRIMARY 1 id A 0 NULL NULL
O engine: InnoDB
o rows: 0
O size: 16.0 KiB
0 encoding: utf8mb4
ENE - 22N« N | n + [

1153 @ dolgHo]=9 AW A% I 39719 #olx A%




31 47ks) HolA A
sudo npm install -g express—-generator

express —-view=pug backend
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i ¥ @ Colaboratory0l .. @ TSt - Googl...

Express

express e A AN 5
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o= dol S (A4, features)S A Wstal, dol5o FAWEE gQlste], o5 WH(vector)® Fd
g Aotk &, 2 FHlz= dolo W s xds, 2 WEHFH] WEgRE o] &dte] AREAH(F
§72E Aot ofoldES ™A Ak A& deke vbE V1Ed S AHEA ZRokdol
atr, o] 3 "ojER FAJT AR ZTEade AREAE AP PY Rz S A5
Uehs $44R e e & vk ofFE ZHx(E) 71Nk dE Y ARSAR ZRakde] dolg
(AFEApe] hojulE])y} Zelxo] drojMlE E(Zulx Zaudolgtuk )y FAS Blwste] g
3 ZRH2ES Fohdl= WAtk HA e Axel wet AEE A 95 Jhesitt
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A= E24(Contents Analyer)
- Vector Representation : ¥ F3gtoz HA
©® H+A Z=" 3y} (Profile Learner)

@ A otol®l Mg (Filtering Component)
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1) User-based
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movies = pd.read_csv("/content/drive/V

movies.head(1)

budget:

[ ) I

keywords:

popularity:
to

release_date: revenue:

[ ] I

tagline:

1

vote_count:

S —
Search by all fields:

movies.shape

(4803, 20)

mdb_5000 movies.csv")

genres:

original_language:

production_companies:

runtime:

[ | I

1

homepage:

original_title:

production_countries:

spoken_languages:

vote_average:

[ ) I

col_lst = ['id', 'title', ‘'genres', 'vote_average', 'vote_count', 'popularity',|'keywords', 'overview']
movies_df = movies[col_lst]

283 HA(collum) @it F=F3te] A= wlolg Ho

® id: o}o|T]

title: 33} A&

® genres: Gkt &8k oArbA] A=

® vote_average: H+ HA

O

® vote_count: B FH F

® popularity: 9319 ¢17] A=

® keywords: 985 AWsts T8 79 £




® overview: G 3lo] i3k e AH

from ast import literal_eval

movies_df['genres'].apply(literal_eval) [0]

[{'id': 28, 'name': 'Action'},

{'id': 12, 'name': 'Adventure'},

{'id': 14, 'name': 'Fantasy'},

{'id': 878, 'name': 'Science Fiction'}]

movies_dfoll A%l t]o]E159] namedt 55
from ast import literal_eval

| AFS

movies_df['genres'] = movies_df['genres'].apply(literal_eval)
movies_df['keywords'] = movies_df['keywords'].apply(literal_eval)

i M1 na fCt names
movies_df[‘genres'] = movies_df['genres’].apply(lamt : [ dic[*name*'] for dic in x] )

movies_df[‘keywords'] = movies_df['keywords'].apply( la x : [ dic['name'] for dic in x] )

movies_df[['genres', 'keywords']][:1]

H| O
o 3
II:I 1 7 2 ll:l 1 0.68 0.99 0.3
(0% XS] SA) | (0T 1| AL | (0Dt 2B SALE) | (0BTt 3B FALE)
4 |IENIEN ]| O -
SR - IO FAE) | (1™ A FALE) | 18280 FAE) | (BT 3™ FALE)
£ L
o 0 3 3 EL n 0.99 . 72 i 0.29
(282 ome) g Ars) | (BT 1BL FME) | ¥ RIS SAE) | (BT 3B FAE
IEII 2 0 3 Ilil 3 0.85 0.29
(38t 0B FAME) | 3BT 1Y FAE) | 3BT 2 FAIT) | (3T XL FALT)
cosine_similarities( ) X &

movies_df['genres_literal']l = movies_df['genres'].apply( : (" ').join(x))

count_vect = CountVectorizer(min_df=0, ngram_range=(1,2))
genre_mat = count_vect.fit_transform(movies_df['genres_literal'])

print(genre_mat.shape)

(4803, 276)

cosine_similarity() 3t& AL85to] GALE =4




from sklearn.metrics.pairwise import cosine_similarity

genre_sim = cosine_similarity(genre_mat, genre_mat)

genre_sim[0]

array([1. ; 0.59628479, 0.4472136 , ...
0. 1)

o

dEg g3t FAIEE FAHs WEATE ZJHFE FFE A
def find_sim_movie(df, sim_matrix, title_name, top_n=10):
23 iy

df [df ['title'] == title_name]
title_movie. index.values

¥

temp = df.sort_values(by="similarity", ascending=F
final_index = temp.index.values[ : top_n]

return df.iloc[final_index]

e gt FEd fAETE & 93 104E FE




similar_movies = find_sim_movie(movies_df, genre_sim, 'The Godfather', 10)
similar_movies[['title', 'vote_average', “"similarity"]]

title vote_average similarity

Light Sleeper 57 1.0

Casino 7.8 1.0

City of God 8.1 1.0

Mean Streets 7 1.0

21 6.5 1.0

This Is England 7.4 1.0

GoodFellas 8.2 1.0

The Place Beyond the Pines 6.8 1.0
The Bad Lieutenant: Port of Call - New Orleans 6.0 1.0
Kids 6.8 1.0

percentile = 0.6
m = movies_df['vote_count']l.quantile(percentile)
C = movies_df['vote_average'].mean()

f weighted_vote_average(record):
v = record['vote_count']
R = record['vote_average']

return ( (v/(v+m)) * R ) + ( (m/(m+v)) % C )

movies_df['weighted_vote']l = movies_df.apply(weighted_vote_average, axis=1)
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find_sim_movie(df, sim_matrix, title_name, top_n=10):
title_movie = df[df['title'] == title_namel]
title_index = title_movie.index.values

# oAl HojE el =7}
df["similarity"] = sim_matrix[title_index, :].reshape(-1,1)

temp = df.sort_values(by=["similarity", "weighted_vote"], ascending=
temp = temp[temp.index.values != title_index]

final_index = temp.index.values[:top_n]

return df.iloc[final_index]
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similar_movies = find_sim_movie(movies_df, genre_sim, 'The Godfather', 10)
similar_movies[['title', 'vote_average', "weighted_vote", "similarity"]]

title vote_average weighted_vote similarity

The Shawshank Redemption 8.5 8.396052 1.0
The Godfather: Part Il 8.3 8.079586 1.0
GoodFellas 8.2 7.976937 1.0
City of God 8.1 7.759693 1.0
Once Upon a Time in America 8.2 7.657811 1.0
Trainspotting 7.8 7.591009 1.0
Catch Me If You Can 7.7 7.557097 1.0
Casino 7.8 7.423040 1.0
American Gangster 7.4 7.141396 1.0
This Is England : 6.739664
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